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I. Introduction

Since 2001, 574 banks failed or required Federal Deposit Insurance Corporation (FDIC)

intervention, affecting around $2.3 trillion of deposits. Given the substantial costs as-

sociated with bank failures, and more broadly banking crises, there is a large academic

literature documenting the consequences of banking sector disruptions. For instance,

banking crises are associated with weaker economic growth (Bernanke 1983, 2018) and

higher risk premia (Muir 2017), which are thought to arise because failed banks have

impaired balance sheets. Another important channel through which bank failures can

impair growth is by making funding more expensive for the surviving banking sector,

which can stem not from balance sheet weakness at surviving banks but from shifts in

depositor behavior (Egan, Hortaçsu, and Matvos 2017). Through this deposit demand

driven channel, the effects of a single bank failure can propagate broadly across the fi-

nancial system, raising the cost of funds and constraining credit.

Depositors play a central role in this propagation mechanism. Banking crises often

feature bank runs (Diamond and Dybvig 1983), where depositors suddenly and collec-

tively withdraw funds, but even absent outright runs, depositors may require greater

compensation for leaving funds at banks. Notably, the failure of one bank can trigger

a shift in depositor expectations and behavior through a sunspot-like dynamic (Gold-

stein and Pauzner 2005, Egan et al. 2017), where concerns about the value of deposits

rise irrespective of the fundamentals of neighboring banks. This shift need not result

only from fundamental risks, but may also reflect greater depositor attention to oppor-

tunities for higher returns, even at sound banks—a phenomenon that stands in contrast

to the typically “sticky” behavior of depositors and historically low deposit rate betas

(Drechsler, Savov, and Schnabl 2017).
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In this paper, we study the cross-section of FDIC involvement in troubled banks to

test this novel channel. The core hypothesis is that bank failures cause depositors at

neighboring banks to “wake up” and demand higher deposit rates, regardless of the

competitor banks’ underlying health. This behavioral shift forces healthy competitor

banks to raise deposit rates to retain and attract deposits, thereby increasing their cost

of funds. We investigate this channel empirically by examining the deposit rate setting

behavior of local competitor banks following a nearby bank failure, focusing on banks

operating in the same county.

Importantly, the theoretical effect of a bank failure on competitor deposit rates is

ex-ante ambiguous. While depositors may become more price-sensitive and demand

higher rates, competitor banks could also experience an inflow of new depositors, po-

tentially granting them greater pricing power and reducing the need to compete ag-

gressively on rates. Which of these two opposing forces would dominate is ultimately

an empirical question.

Our paper shows that deposit rates at local competitor banks rise significantly fol-

lowing a bank failure. Using a specification that controls for county-year economic

conditions and bank-time fixed effects, we isolate deposit rate changes unexplained by

macroeconomic fundamentals or bank-specific shocks. Specifically, we estimate that 1-

year $100K certificate of deposit (CD) rates increase by approximately 4.1 basis points

(around 12% of the sample standard deviation) at competitor banks after a nearby bank

failure. Moreover, this effect persists for up to three years, indicating a lasting increase

in funding costs.

The observed increase in deposit rates could stem from either a shift in deposit de-

mand or a change in loan demand. To disentangle these channels, we examine the quan-

tity effects on deposits and loans at competitor banks. We find that both deposit and
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loan growth weaken after a bank failure. Moreover, we find that credit provision from

the non-bank sector increases to offset part of the pullback from banks. These findings

are consistent with a bank credit supply shock resulting from a contraction in the local

demand for deposit services, forcing banks to offer higher rates without corresponding

gains in funding or lending activity. In other words, local depositors’ heightened price

sensitivity increases the banks’ marginal cost of funds, independent of broader financial

instability.

Further supporting our interpretation, we find that the rise in deposit rates is not

concentrated among weaker competitor banks, suggesting that the mechanism is not

driven by heightened insolvency risk. In particular, we find that banks that were better

capitalized going into the failure of a competitor actually raise their deposit rates by

more. We also find that uninsured deposit rates in fact rise by less, which we interpret

as evidence against the risk compensation-based explanation. Moreover, the effect is

stronger in caseswhere the bank failure generated greater public attention, emphasizing

the role of salience and depositor attention in shaping outcomes. Taken together, our

results highlight a previously underexplored channel through which bank failures can

propagate: by raising the cost of funds for healthy competitor banks, bank failures can

restrict credit and slow economic growth, even in the absence of widespread banking

sector distress.

Contribution to the literature. This paper contributes to a large and growing liter-

ature that examines liquidity transformation by banks and the fragility associated with

it, notably the potential for bank runs (Diamond and Dybvig 1983). While the seminal

focus was on bank fundamentals as the driver of depositor behavior, more recent work

emphasizes that depositor actions are sensitive to information and beliefs, even when

fundamentals are not fully deteriorated. For instance, studies have shown that deposi-
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tors respond both to bank-speci�c news (Chen, Goldstein, Huang, and Vashishtha 2022)

and to broader macroeconomic uncertainty (Artavanis, Paravisini, Garcia, Seru, and

Tsoutsoura 2022), and moreover that local conditions matter (Benmelech, Yang, and Za-

tor 2023, Maingi 2024, Morelli, Moretti, and Venkateswaran 2025). Historical episodes

further demonstrate this behavior; Blickle, Brunnermeier, and Luck (2024) document

that in 1930s Germany, depositors preemptively withdrew funds from both failing and

ultimately surviving banks, suggesting that fears, rather than realized fundamentals,

drove withdrawal behavior. 1

On the bank side, research has shown that distressed banks raise deposit rates to at-

tract or retain funding (Martin, Puri, and U�er 2018), and that banks also adjust deposit

rates in response to heightened depositor attention even when fundamentals do not fully

warrant such moves (Chavaz and Slutzky 2024). Our paper departs from much of this

prior work by shifting the focus away from the failing bank itself. Instead, we study

how the failure of a single bank a�ects the deposit market behavior of its local competi-

tors. By doing so, we shed new light on how the consequences of bank distress extend

beyond the distressed institution to healthier nearby banks.

Because we interpret our results through the lens of heightened depositor sensitiv-

ity and a transition from depositor inertia to depositor vigilance, our �ndings also con-

tribute to the literature on deposit stickiness (Hutchison and Pennacchi 1996, Drechsler

et al. 2017, Egan et al. 2017, Xu, Song, and Zeng 2024). Speci�cally, we provide empir-

ical evidence of a setting where depositor beliefs shift away from the \sleepy equilib-

rium," as described by Diamond and Dybvig (1983) and others, towards an environ-

ment resembling a run equilibrium. This behavioral shift seems persistent, consistent

with broader evidence that adverse economic shocks can leave long-lasting imprints on

1In the U.S. context, Correia, Luck, and Verner (2023) �nd that bank failures were highly predictable using publicly
available accounting data, highlighting that some depositor movements could be grounded in fundamentals.
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households' beliefs and behavior (Malmendier and Nagel 2011, Braggion, von Meyer-

inck, Schaub, and Weber 2024). We argue that bank depositor behavior is a particularly

vivid setting in which to study belief dynamics, due to the combination of multiple

equilibria, asymmetric information, and the high social costs associated with banking

crises. In doing so, we contribute to the literature (Blickle, Li, Lu, and Ma 2025) on

the drivers of variation in depositor stickiness, with a particular focus on the impact

of macro-driven bank failures. Moreover, our results suggest impacts of bank failures

across bank lending types, given the synergies between the cost of deposit funding and

lending outcomes (Loutskina and Strahan 2009, Li, Loutskina, and Strahan 2019, Drech-

sler, Savov, and Schnabl 2021).

Beyond the literature on liquidity transformation and depositor behavior, our paper

also relates to the broader study of �nancial distress spillovers, particularly contagious

bank runs (e.g., Calomiris and Mason 1997) as well as bank failures (Goldstein, Kopytov,

Shen, and Xiang 2024). While earlier work has largely emphasized either (1) systemic

or industry-wide spillovers or (2) spillovers to stock prices and funding out
ows, 2 we

provide new evidence of geographically localized spillovers on a di�erent margin: de-

posit rate setting. To our knowledge, we are the �rst to document that local competitor

banks, even if fundamentally healthy, raise deposit rates following a nearby bank failure.

Our geographic focus also connects our paper to the literature on the local real e�ects of

�rm-level shocks (Shoag and Veuger 2018, Bernstein, Colonnelli, Giroud, and Iverson

2019, Benmelech, Bergman, Milanez, and Mukharlyamov 2019, Gathmann, Helm, and

Sch•onberg 2020), which emphasizes the importance of local agglomerations.

Finally, our �ndings relate to macroeconomic studies on the broader consequences

of banking instability (e.g., Gertler, Kiyotaki, and Prestipino 2017). While banking crises

2For example, Aharony and Swary (1983) �nd that bank failures transmit adverse information to the broader
banking sector, depressing the equity values of other banks.
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directly disrupt credit supply through bank failures, we highlight an additional channel:

the longer-term adjustment in depositor behavior and bank pricing strategies induced

by prior crises. Thus, the aftermath of a bank failure may shape the competitive environ-

ment and banks' funding costs for an extended period, amplifying the economic costs

of �nancial distress beyond the immediate fallout.

Overview. The rest of the paper is organized as follows. Section II presents aggre-

gate trends of bank failures and deposit rates. Before proceeding to the empirical anal-

ysis, we present a model of bank �nancing to illustrate the main channel in Section III.

Section IV �rst describes the institutional background surrounding bank failures and in-

troduces our main datasets. Section IV also presents our main empirical �ndings, �rst

on how surviving banks adjust their deposit pricing in response to a nearby bank failure,

followed by heterogeneity test results consistent with shifts in depositor risk sensitivity

and competitive pressures among banks. Finally, Section V concludes by discussing the

broader implications of our �ndings.

II. Aggregate Trends

In this section we present the aggregate time series evidence of the relationship between

deposit rates and bank failures. Figure 1 presents the evolution of bank failures along-

side deposit rates and the Federal Funds Rate from 1995 to 2025. The deposit rate is

measured as the interest expense on domestic deposits divided by domestic deposits,

obtained from the Quarterly Income and Expense of FDIC-Insured Commercial Banks

and Savings Institutions. The failed deposit share is de�ned as the sum of deposits of

banks that were either advised or resolved by the FDIC in a given quarter, divided by

the total system deposits in a quarter.
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Figure 1: Bank Failures, Interest Rates, and Attention

The left panel reports the time series relationship between bank deposit rates and the percentage of bank deposits
at institutions with recent intervention from the FDIC. The right panel reports the time series of aggregate public
attention on the FDIC, as captured by Google Trends.

The �gure captures the main setting of our interest, the Global Financial Crisis. We

observe that around 15% of system deposits were under some level of FDIC intervention

during the height of the crisis. This re
ected the concern about the solvency of the

banking sector, including several of the largest banks which were subsequently absorbed

by the remaining banks. Moving to the deposit expense line, we observe that deposit

expenses remained elevated in the immediate period after the crisis, despite the fact that

the Federal Funds rate had fallen to zero. This slower convergence partly re
ects the fact

that deposits include time deposits which had locked in interest expenses, in addition

to potentially greater risk compensation demanded by uninsured deposits (Egan et al.

2017). Later sections of this paper provide evidence to indicate that bank failures change

the deposit demand function as well, emphasizing the role of depositor attention, as

captured by the right panel. The key insight is that variation in depositor demand helps

to rationalize the collection of empirical results presented later.
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III. Model

We develop a static model of deposit competition with N banks, macroeconomic shocks,

and bank failure. The model captures how distress in one institution reshapes the fund-

ing environment of surviving competitors through depositor behavior and through in-

centives shaped by banks' capital positions.

A. Timing of the Model

Each period t >˜ 1; 2; ::• involves a round of static competition. There is a single macroe-

conomic shock variable � t which drives loan returns from period to period following a

mean-reverting process.

logR`
jt � ˆ1 � � • log �R`

j � � logR`
jt � 1 � � j " t ; (1)

where �R`
j is the steady-state return on loans, � governs persistence,� j is bank-speci�c

exposure, and " t is a common shock.

At the start of period t, banks inherit their equity E j and depositor inattention � jt

from the previous period. Depositor inattention � jt evolves as households respond to

failures among competing banks. Speci�cally, we de�ne

Fjt � I › max
kxj

� r d
kt � R`

kt ˆ" t •� A0  (2)

as an indicator for whether any competitor of bank j fails. Attention then follows a

mean-reverting process:

log� jt � ˆ1 � � � • log �� j � � � log� jt � 1 � �F jt � 1; (3)
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where �� j is the bank-speci�c steady-state inattention level and � @0governs the response

to failure. Each bank sets its deposit rate r d
jt to maximize pro�ts as households allocate

wealth across bank deposits and the money market fund. Once the deposit allocation

has been made, loan returnsR`
jt are realized, and a bank fails in period t if its loan return

falls short of the optimal deposit rate. 3 Depositor attention is updated, rising in response

to competitor failures, and the new level � jt � 1 passes through to the next period.

B. Depositors

A unit mass of households allocate wealth across bank deposits and a money market

fund (MMF). A bank-speci�c �xed e�ect � j captures time-invariant amenities such as

branch convenience or reputation. Depositors also derive incremental utility from bank

deposits when a competing institution fails, captured by a bank-speci�c inattention term

� jt .

Household i 's utility from depositing at bank j >˜ 1; : : : ; N • at time t is

Uijt � �r d
jt � � j � � jt � " ijt ; (4)

where r d
jt is the deposit rate, � is the sensitivity to interest rates, and " ijt is an i.i.d. Type I

extreme value taste shock. The attention term � jt increases when other banks fail and is

speci�c to bank j . Households can alternatively invest in a money market fund o�ering

a risk-free return r , which yields utility

Ui 0t � �r � " i 0t : (5)

3This can be viewed as a trigger for a bank run (Goldstein and Pauzner 2005, Dang, Gorton, Holmstr •om, and
Ordo ~nez 2017). If the bank deviates from its optimal deposit rate, then depositors recognize the bank is insolvent.
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Letting Vjt � �r d
jt � � j � � jt and V0t � �r , the resulting deposit market shares follow

the multinomial logit form:

D jt �
exp̂ Vjt •

exp̂ V0t • � P N
k� 1 exp̂ Vkt •

(6)

C. Banks

Bank j allocates its deposit liabilities in loans. Loan returns are not perfectly known

by the bank before the portfolio problem, leading to a potential default state. Banks

thus have an expectation about loan returns, which pins down their portfolio problem. 4

Pro�ts are given by

� jt � ˆR`
jt � r d

jt • � D jt ˆ r d
jt •: (7)

Speci�cally, given banks' information set at the time of deposit rate setting, bank j solves

max
r d

jt

ˆE�R`
jt � � r d

jt • � D jt ˆ r d
jt • (8)

The �rst order condition for the optimal deposit rate for bank j is:

r d
jt � E�R`

jt � �
1

� ‰1� D jt ˆ r d
jt •Ž

: (9)

D. Equilibrium

An equilibrium is characterized by deposit rates ˜ r d
jt • N

j � 1, deposit shares ˜ D jt • N
j � 1, loan

returns ˜ R`
jt • N

j � 1, and attention ˜ � jt • N
j � 1, such that each bank optimally sets deposit rates,

4Because the macro-shock has mean zero and banks are risk neutral, expected pro�ts equal the mean-reverted
pro�ts from the previous period.
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Figure 2: E�ect of Bank Failure on Depositor Behavior

The left panel reports the impulse response of the surviving bank's deposit rate following the failure of a competitor,
while the right panel reports the corresponding deposit share response. Blue lines denote the presence of a depositor
attention shock triggered by failure, and red lines denote its absence. The vertical dotted line marks the failure period.

deposit shares follow logit demand, loan returns evolve via the macro shock process,

and attention adjusts to observed failures among competitors.

E. Numerical Example

To �x ideas, we illustrate the model in a two{bank simulation in which one institution

fails following a negative macro shock. Figure 2 reports the impulse responses for the

surviving bank under two scenarios. In the red line we show the equilibrium deposit

rate and deposit volumes of the surviving bank without the attention channel; while in

blue we show the case with depositor attention spiking after the failure.

First, focusing on the red lines without the attention channel, we observe that upon

the failure of a competitor bank, deposit rates fall as the bank lost a competitor. At

the same time, deposit quantities at the surviving bank increase. As the bank regains

its pro�tability on its asset side, deposit rates increase and quantities fall. Moving to

the blue lines where we allow for the attention channel, we observe that deposit rates

increaseat the surviving bank and then gradually revert. Depositors temporarily under-
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weight the non-price features as they have become unstuck, a�ecting the funding costs

of the surviving bank. Second, deposit quantities fall signi�cantly at failure and then

mean revert as attention dissipates. These dynamics highlight how deposit competition

interacts with depositor behavior to shape the transmission of bank failures.

IV. Empirical Analysis

In this section, we describe the institutional background related to bank failures (i.e.,

FDIC bank resolution), describe our data and empirical speci�cation, and �nally present

and discuss our �ndings on the e�ect of bank failures on surviving banks.

A. Bank Failures

When a bank fails, the main responsibilities of the FDIC are two-fold. First, the FDIC

facilitates the bidding process with prospective bidders for acquiring the failed bank's

assets and deposits.5 Second, it pays the failed bank's insured depositors (i.e., up to

$250,000, the insurance limit). Importantly, as a part of this process, the attention of

depositors is crucial for carrying out the FDIC's role as deposit insurers and thus the

FDIC must generate signi�cant publicity around the bank failure event. Speci�cally, af-

ter a bank is closed, every depositor of the failed bank is immediately noti�ed by the

FDIC via mail. Moreover, the FDIC publicizes the bank failure event to ensure deposi-

tors are informed of the news. 6 Corroborating evidence of heightened public attention

is presented in Figure 3, which shows the Google search volume for failed banks spikes

5The di�erence between the resulting winning bid and the value of the failed bank's insured deposits is subse-
quently reported as the estimated cost of the bank failure.

6\Every e�ort also is made to inform the public through the news media, town
meetings, and notices posted at the bank." https://www.fdic.gov/bank-failures/
when-bank-fails-facts-depositors-creditors-and-borrowers
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Figure 3: Search Volume around Bank Failure

This �gure shows the normalized volume (i.e., scale of 0 to 100) of Google searches for failed banks around their
failure date. The gray shaded area denotes the �rst month since the failure date.

dramatically around their failure. In summary, bank failures are signi�cant and salient

events, and they raise the attention of depositors.

Figure 4 shows the counties with failed banks since 2006.7 The �gure illustrates two

key patterns. First, bank failures are neither extremely rare nor extremely common;

while bank failures occurred in visually noticeable share of counties (around 9%), it is

far from ubiquitous. Second, there is considerable variation among counties with bank

failures, both in terms of geographic coverage and economic pro�le. These counties span

nearly every region in the U.S. and include both urban and rural counties. These empiri-

cal features lend support for interpreting our �nding as a representative and meaningful

estimate of the e�ects of bank failures.
7We focus on the sample of failed banks starting in 2006 because of the coverage of our bank branch deposit rate

data. Figure A1 shows the counties with failed banks dating back to 1934.
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Figure 4: Counties with Bank Failures

This map reports the U.S. counties with a failed commercial bank's headquarters since 2006.

B. Data

FDIC data. Our �rst dataset comes from the FDIC. Speci�cally, we use the FDIC's bank

failure data which lists each bank that received FDIC support since the 1930s. The data

indicate the location of each bank's headquarters along with other details related to

the failure, including the acquirer of the failed bank and estimated cost incurred by the

FDIC. We additionally obtain deposit quantity data at the bank branch-level, along with

the location of each bank branch, from the FDIC Summary of Deposits (SOD).

RateWatch. We obtain our second main dataset from RateWatch, which provides

the branch-level deposit rate by product type (e.g., money market accounts, certi�cate

of deposit), at various amounts and maturity. In this paper, we focus on 1-year certi�cate

of deposits (CD) for $100,000, which o�er broad and consistent reporting coverage.
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HMDA. We use loan-level data from the Home Mortgage Disclosure Act (HMDA),

focusing on �rst-lien, owner-occupied, 1{4 family home-purchase mortgages that were

originated or purchased. We aggregate to the county-lender-year level. Banks are iden-

ti�ed using HMDA agency codes; agency code 7 corresponds to nonbanks. 8

The Community Reinvestment Act (CRA) data. We obtain small business and

small farm lending data from the CRA, as compiled and distributed by the U.S. Small

Business Administration. Since 1996, banks subject to CRA reporting requirements have

disclosed the number and dollar volume of originations by loan size category. Follow-

ing prior work, we aggregate across loan size categories to construct total small business

and small farm lending at the bank{county{year level.

Call Reports. We obtain bank balance sheet data (e.g., total assets, deposits) at the

quarterly level from U.S. Call Reports from the Federal Financial Institutions Examina-

tion Council (FFIEC).

Google search data. To measure the level of public attention around bank failures,

we also manually collect the Google search volume for each failed bank's name over

time.

Local economy. Finally, to control for the time-varying e�ects of the local economy,

we use unemployment rate, income per capita, and population, provided by the publicly

available data from the Local Area Unemployment Statistics program of the Bureau of

Labor Statistics. We obtain county-year-level house price growth data from Zillow.

8https://ffiec.cfpb.gov/documentation/faq/filing-faq
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C. Summary Statistics

The combined dataset spans the years between 2006 and 2018. Table 1 presents the

summary statistics for our sample period. In panel A, it reports that failed banks are

signi�cantly costly; the average failed bank is estimated to have cost around $133 million

to the FDIC. Failed banks also hold a large amount of deposits, with the average failed

bank holding around $980 million. Panel B presents branch-level summary statistics for

the main outcome variables in our paper. Speci�cally, it shows that deposit rates are low

during our sample period; the average rate for 1-year CD is 0.37%, for both $100,000 and

$500,000. Nevertheless, there is a signi�cant geographic variation in terms of deposit

rates, as illustrated in Figure 5. Additionally, the average bank branch holds around $98

million in deposits. Finally, panels C and D report the summary statistics for counties

with failed banks versus counties with no failed bank. It shows that the average county

with failed banks is notably larger than the average county without a failed bank in terms

of population (607,000 versus 69,000). Accordingly, these counties also have more banks

and bank branches on average. As a result, the empirical speci�cations account for these

county size di�erences. These counties also vary somewhat in terms of their economic

pro�le. On average, these counties have higher unemployment rates but they also have

higher income per capita. We include county �xed e�ects and moreover control for

county-level covariates in the empirical exercises below.

D. Deposit Market Spillovers

In this section, we evaluate the e�ect of bank failures on local competitor banks' de-

posit rates and deposit quantities. To estimate these spillover e�ects, we regress r ibct ,

the deposit rate at bank b's branch i in county c in year t, on the treatment variable

Bank Failedct , which indicates whether a bank had failed in county c as of year t. Im-
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Figure 5: Deposit Rates: Geographic Variation

This map reports the weighted average 1-year $100,000 CD rate (in basis points) across U.S. counties during the
period 2011-2018. For each county, the average is weighted by each branch's corresponding share of the county's
total deposits.

portantly, in addition to time-varying county-level control variables X ct (e.g., unem-

ployment rate, house price growth), the speci�cation includes bank-year �xed e�ects

� bt which accounts for unobservable time-varying bank-level variables that determine

banks' credit demand across their lending network. This term therefore captures the

e�ect of bank-year-speci�c fundamentals on deposit rates, and we can isolate the re-

maining variation attributable to di�erences across branches within a bank-year. The

formal regression is written as

r ibct � � Bank Failedct � 
X ct � � bt � � c � " ibct : (10)

The coe�cient of interest captures the e�ect of bank failures on deposit rates of branches

in the same county. We denote a bank failure occurring in the county that houses the

headquarters of the bank, but not the counties housing all other branches. In other

words, if a bank is headquartered in county A and has branches in county B, then the

17



Table 1: Summary Statistics

This table reports the summary statistics for our data for our sample period, 2006{2018.

A. Failed banks

N Mean SD P25 P50 P75
Cost (million $) 486 133 618 18 42 95
Assets (million $) 486 1351 14077 102 211 498
Deposits (million $) 486 980 8672 94 195 446

B. All bank branches

N Mean SD P25 P50 P75
CD 100K (%) 51136 0.37 0.26 0.17 0.33 0.51
CD 500K (%) 51136 0.37 0.27 0.19 0.33 0.51
Deposits (million $) 51136 98.59 1821.01 21.28 40.42 73.34

C. Counties with failed banks

N Mean SD P50
County HHI 78 0.19 0.12 0.15
N. Branches 103 81.95 107.75 45.13
N. Banks 103 14.34 10.33 11.60
Unemployment rate (%) 103 8.06 2.40 8.24
House price growth (%) 102 0.14 4.85 1.29
Income per capita ($) 103 42940 14711 39715
Population 103 607319 1158288 306006

D. Counties with no failed bank

N Mean SD P50
County HHI 2439 0.34 0.20 0.29
N. Branches 2793 14.27 27.07 6.41
N. Banks 2793 5.56 4.86 4.10
Unemployment rate (%) 2788 6.46 2.65 6.12
House price growth (%) 2562 3.27 2.48 3.16
Income per capita ($) 2681 39416 10279 37453
Population 2681 69359 160706 24225

failure of that bank only a�ects county A in this speci�cation, even though the bank also

has branches in B. Our identifying assumption is parallel trends; i.e., deposit rates in

our sample counties' banks would have followed parallel trends absent bank failures. If

our assumption holds, we can interpret any di�erences in deposit rates as attributable to

bank failures. In all of our speci�cations, we drop the most populous counties (top 0.1%

by population), weight each observation by county population, and cluster standard

errors at the county-level.
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Table 2: Bank Failures and Deposit Rates

The table reports the results from Equation (10), which estimates the e�ect of a bank failure on local competitors'
deposit rates. The dependent variable is the 1-year CD rate of 100K (in basis points). Bank Failed is an indicator
variable denoting whether a bank had failed in a county-year. Standard errors are clustered at the county-level and
reported in parentheses. Observations are weighted by county population. ‡ , ‡‡ , and ‡‡‡ indicate statistical signi�-
cance at the 10%, 5%, and 1% levels, respectively.

r100K

(1) (2)

Bank Failed 4:46‡‡‡ 4:11‡‡‡

ˆ1:03• ˆ 0:95•
Unemployment rate 0:72‡‡‡

ˆ0:23•
House Price Change � 0:63

ˆ1:36•

County FE Yes Yes
Bank-Year FE Yes Yes
Num. obs. 338055 317345
R2 0:98 0:98

In Table 2, we report the results from estimating Equation (10) using the deposit

rates of 1-year CDs at the$100,000 amount as the outcome variable. In both columns,

we �nd a signi�cant e�ect of a bank failure on local competitor banks' deposit rates.

In column 1 we estimate the e�ect without county-level controls. Column 2 suggests

that after accounting for unemployment rates and house-price changes in the county, a

bank failure is associated with an increase of 4.1 basis points in the 1-year CD rate for

$100,000. This magnitude, which is statistically signi�cant at the 1% level, represents

around 12% of the sample standard deviation in the 1-year CD rate.

Figure 6 reports the dynamic e�ects of a bank failure on local competitors' deposit

rates. First and foremost, we �nd no statistically signi�cant di�erences in the year prior

to bank failure, which we interpret as supportive evidence for the parallel trends as-
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Figure 6: Bank Failures and Deposit Rate Dynamics

This �gure shows the dynamic e�ect of a bank failure on local deposit rates. All regressions include county �xed
e�ects and bank-year �xed e�ects, and additionally control for unemployment rate and house price growth. Standard
errors are clustered at the county-level and observations are weighted by county population. The blue shaded area
denotes the 90% con�dence interval.

sumption. Second, we �nd that the e�ect is immediate and remains consistently signif-

icant in the years following a bank failure, even up to 3 years. 9

To address concerns that our baseline results may be driven by small, low-population

counties in the control group, we re-estimate Equation (10) after excluding counties

with population below 250,000. This restriction yields a treated and control sample that

is more balanced in terms of county size. As shown in Appendix Table A1, the results

are nearly identical to the baseline, suggesting that our �ndings are not sensitive to the

inclusion of small counties.

D.1. Insured versus Uninsured Deposit Rates

To better understand the mechanism behind the deposit rate response to bank failures,

we compare the e�ect across insured and uninsured deposits. Deposits of $100,000 or

less are fully insured under FDIC coverage, while deposits of $500,000 are not. If depos-

9In Appendix Figure A2, we show that these e�ects remain signi�cant after adjusting for possible contamination
in the staggered treatment using the estimator from Sun and Abraham (2021).
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Table 3: Bank Failures and Deposit Rates: Insured v. Uninsured

This table reports the results from estimating Equation (10) separately for insured and uninsured deposits. Column
(1) uses advertised rates for a $100,000 deposit (fully insured); column (2) uses rates for a $500,000 deposit (partially
uninsured). All regressions include county and bank-year �xed e�ects and control for local unemployment and one-
year house price growth. Standard errors are clustered at the county level and reported in parentheses. Observations
are weighted by county population. ‡ , ‡‡ , and ‡‡‡ indicate statistical signi�cance at the 10%, 5%, and 1% levels,
respectively.

r100K r500K

(2) (4)

Bank Failed 4:11‡‡‡ 1:41‡

ˆ0:95• ˆ 0:72•
Unemployment rate 0:72‡‡‡ 0:76‡‡‡

ˆ0:23• ˆ 0:23•
House Price Change � 0:63 � 3:69‡

ˆ1:36• ˆ 2:01•

County FE Yes Yes
Bank-Year FE Yes Yes
Num. obs. 317345 319000
R2 0:98 0:99

itor risk concerns were the primary driver of rate increases, we would expect a larger

e�ect for uninsured deposits. Meanwhile, if we observe e�ects for both insured and

uninsured markets, then the price increase result would be more consistent with greater

depositor sensitivity across the board.

Table 3 reports the results of the baseline regression, including county-year control

variables. We �nd that deposit rates in fact rise by less for uninsured deposits following a

bank failure. This pattern is inconsistent with a pure risk-based explanation and instead

points to depositor price sensitivity as the primary mechanism driving the observed rate

changes.

In Appendix Figure A3, we report the dynamic e�ects of a bank failure on the $500,000

CD rate. We observe a large immediate e�ect followed by some abatement. Overall, the
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evidence points to strong price response in the risk-free segment of the depositor market,

suggesting that instead a non-risk based explanation is more suitable.

D.2. Deposit Volumes Decline

Next, we examine the e�ect of bank failures on branch-level deposit growth. From a the-

oretical perspective, it is unclear whether a deposit rate increase would be negatively or

positively associated with greater deposit growth. While higher deposit rates are more

attractive to depositors, these rate increases are responses to adverse banking events that

negatively a�ect depositors' risk perceptions, and whether these rate increases would

o�set depositors' heightened concerns about their bank is ambiguous. In Table 4, we

�nd that despite higher deposit rates, a bank failure negativelya�ects local competitors'

deposit growth, suggesting that the rate increases are not enough to o�set deposit out-


ows in the aggregate. Moreover, this e�ect is sizable; the estimate implies that deposit

growth falls by almost 5% for local competitor banks.

To examine the dynamic consequences of bank failures and evaluate the parallel

trends assumption, we estimate an event study speci�cation that traces the trajectory

of county-level deposit growth around the failure event. Speci�cally, we estimate:

Deposit Growth ibct � Q
� x� 1

� � � Bank Failurec;t� � � 
X ct � � bt � � c � " ibct ; (11)

where Deposit Growth ct denotes the annual growth rate of total deposits in county c in

year t, and the estimates � � capture the dynamic e�ect in the window around the fail-

ure. The regression includes county �xed e�ects, bank-year �xed e�ects, and controls

for unemployment and house price changes. Figure 7 reveals a marked decline in de-
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Table 4: Bank Failures and Deposit Growth

This table reports the e�ect of a bank failure on local deposit growth. The dependent variable is the annual deposit
quantity growth at the branch-county-year level. Standard errors are clustered at the county-level and reported in
parentheses. Observations are weighted by county population. ‡ , ‡‡ , and ‡‡‡ indicate statistical signi�cance at the
10%, 5%, and 1% levels, respectively.

� Deposits
Bank Failed � 4:52‡‡

ˆ2:29•
Unemployment rate � 0:77‡‡‡

ˆ0:18•
House Price Change 7:90‡‡‡

ˆ2:92•
County FE Yes
Bank-Time FE Yes
Num. obs. 271498
R2 0:19

posit growth beginning in the year of the failure, with the slowdown persisting into the

following years.

We observe that deposit growth slows down signi�cantly in the year of the failure,

continuing through to three years later. The absence of any pre-trend supports the paral-

lel trends assumption. This dynamic response is consistent with a marked behavior shift

by depositors in the county with a failed bank. The fact that deposit growth remains de-

pressed even three years after failure suggests the presence of persistent funding strain

in a�ected counties.

Overall, the contradictory deposit market evidence, namely that deposit rates while

deposit growth falls, is reconciled by the fact that depositor demand functions have

changed. Moreover, the fact that the response is strongest among insured deposit pro-

vides support that our �nding is less related to risk compensation but rather depositors'

willingness to accept low rates.
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Figure 7: Bank Failures and Deposit Growth Dynamics

This �gure shows the dynamic e�ect of a local bank failure on deposit growth. The regression includes county �xed
e�ects and bank-year �xed e�ects. Standard errors are clustered at the county level and observations are weighted
by county population. The blue shaded area denotes the 90% con�dence interval.

E. Loan Market Spillovers

Having estimated the e�ect of bank failure on competitors' liabilities, we next link those

results to the lending side. In particular, we estimate the e�ect of bank failures on com-

petitor banks' lending growth. Importantly, the lending analysis allow us to examine the

credit demand story, namely that credit demand is changing in local counties, beyond

our county-level controls.

E.1. Small Business Lending E�ects

First, we estimate the spillover e�ects of bank failures on local competitors' small busi-

ness lending using the Community Reinvestment Act (CRA) loan data. Speci�cally, we

estimate the following equation:

logLbct � � � Bank Failurec;t � 
X ct � � bt � � c � "bct; (12)
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Table 5: Bank Failures and Small Business Lending

This table reports the results from estimating Equation (12), which regresses the log of small business loan issuance
(count and volume) on bank failures at the lender-county-year level. Standard errors are clustered at the county
level and reported in parentheses. Observations are weighted by county population. ‡ , ‡‡ , and ‡‡‡ indicate statistical
signi�cance at the 10%, 5%, and 1% levels, respectively.

Log Count Log Volume
Bank Failed � 0:02‡‡ � 0:18‡‡

ˆ0:01• ˆ 0:08•
Unemployment Rate 0:00 � 0:01‡

ˆ0:00• ˆ 0:01•
House Price Growth � 0:04 � 0:53

ˆ0:03• ˆ 0:32•
County FE Yes Yes
Bank-Year FE Yes Yes
Num. obs. 458196 422662
R2 0:85 0:43

where logLbct denotes the log of total loan volume or loan count originated by lender b

in county c and year t, and the rest of the terms are de�ned as in Equation (10). Table 5

presents the results.

We �nd that a bank failure leads to a statistically signi�cant decline in small busi-

ness loan issuance by local competitors, both in terms of number of loans and dollar

volume. This result is consistent with the mechanism proposed in earlier sections: local

lenders face higher funding costs and deposit out
ows following a failure, which in turn

depresses their ability to originate loans.

To further examine the dynamic e�ects of bank failures on local lending markets, we

estimate an event study speci�cation that traces the evolution of small business lending

before and after a failure. Speci�cally, we estimate

logLbct � Q
� x� 1

� � � Bank Failurec;t� � � 
X ct � � bt � � c � "bct; (13)
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Figure 8: Dynamic E�ects of Bank Failures on Small Business Lending

This �gure plots the estimated dynamic e�ects from Equation (13), using log small business loan volume as the
outcome. Each point represents the coe�cient on an indicator for years relative to the bank failure, with the year prior
to failure ( t � � 1) omitted as the reference category. Shaded bands show 90% con�dence intervals. All regressions
include county and lender-year �xed e�ects and control for local unemployment and house price growth. Standard
errors are clustered at the county level, and observations are weighted by county population.

where logLbct denotes the log of total small business loan volume by bank bin county c

and year t. Figure 8 plots the resulting coe�cients � � and their con�dence intervals.

The �gure reveals a clear pattern: small business loan issuance begins to decline

sharply in the year of the bank failure and remains persistently depressed for several

years thereafter. There is no pre-trend prior to failure, supporting a causal interpre-

tation. The cumulative magnitude is economically meaningful, with the decline ap-

proaching 10{15% relative to baseline issuance levels. These results suggest that the lo-

cal spillover e�ects of bank failure are not only immediate but also persistent, as banks

face enduring funding pressures that limit their ability to originate new credit.

Appendix Figure A4 employs the Sun and Abraham (2021) estimator and con�rms

that the decline in lending emerges sharply in the year following failure and persists for

several years. Overall, these results further reinforce our interpretation that depositor

behavior imposes real constraints on the lending capacity of surviving banks.
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E.2. Mortgage Lending Spillovers: Evidence from HMDA

To further evaluate the local impact of bank failures, we examine the spillover e�ects

on mortgage origination activity using data from the Home Mortgage Disclosure Act

(HMDA). Unlike CRA data, HMDA allows us to observe all originated home-purchase

mortgages|across both bank and nonbank lenders|at the respondent{county{year

level. The inclusion of non-bank lenders is a powerful addition to the analysis so far.

In particular, we are able to study how lending changes for banks and non-bank in a

given county. As we model bank failure as a credit supply shock through the cost of

funding for banks, but not for non-banks more generally, we should expect that non-

banks continue to lend as banks pull back. This allows us to rule out a more broad

inward shift in credit demand. We estimate the following equation:

logYict � � 1 Bank Failedct � � 2 ˆBank Failedct � Banki • � 
X ct � � it � � c � " ict ; (14)

where Yict denotes either the count or the dollar volume of originated home-purchase

mortgages by respondent i in county c in year t, and Banki is an indicator for whether

lender i is a bank. The remaining terms are de�ned as in Equation (10), and the �xed

e�ects � it absorb all lender-year speci�c variation across counties.

Table 6 presents the results. Columns (1) and (2) use the log count of originated

loans as the dependent variable, while columns (3) and (4) use the log of total origi-

nation volume. Columns (1) and (3) indicate that total issuance growth is unchanged.

However, columns (2) and (4) allow for heterogeneous e�ects by lender type. In par-

ticular, we observe that non-banks signi�cantly increased both the count and volume of

lending in a�ected counties. More importantly, the interaction coe�cients report that

banks signi�cantly decreased their lending relative to non-banks. This �nding comple-
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Table 6: Bank Failures and Mortgage Lending: Respondent-County-Year Level

This table reports the results from estimating Equation (14), which regresses the log number and volume of home-
purchase mortgage origination on bank failure exposure. The dependent variable in columns (1){(2) is the log
count of originated loans; in columns (3){(4) it is the log dollar volume of origination. \Bank Failed � Bank Lender"
denotes an interaction with a bank lender indicator. Standard errors are clustered at the county level and reported
in parentheses. Observations are weighted by county population. ‡ , ‡‡ , and ‡‡‡ indicate statistical signi�cance at the
10%, 5%, and 1% levels, respectively.

Log Count Log Count Log Volume Log Volume
Bank Failed 0:01 0:23‡‡‡ 0:01 0:22‡‡

ˆ0:04• ˆ 0:09• ˆ 0:05• ˆ 0:10•
Bank Failed � Bank Lender � 0:53‡‡‡ � 0:53‡‡‡

ˆ0:12• ˆ 0:12•
Unemployment Rate � 0:01‡‡ � 0:01‡‡ � 0:03‡‡‡ � 0:03‡‡‡

ˆ0:01• ˆ 0:01• ˆ 0:01• ˆ 0:01•
House Price Growth 0:15 0:16 0:23 0:24

ˆ0:13• ˆ 0:14• ˆ 0:15• ˆ 0:15•
County FE Yes Yes Yes Yes
Lender-Year FE Yes Yes Yes Yes
Num. obs. 829075 829075 829037 829037
R2 0:40 0:40 0:45 0:45

ments our earlier results on deposit sensitivity: just as banks bear the brunt of deposit

disintermediation following a failure, they also demonstrate larger slowdowns in lend-

ing, and non-banks �ll in some of the gap. While this �nding helps us rule out a corre-

sponding e�ect on credit demand, the ability of non-banks to �ll in the lending gap is

likely limited to mortgages, leading to aggregate e�ects across total loans.

Next we study the dynamic response of bank mortgage lending. Figure 9 presents

the estimated interaction coe�cient for each event time k, along with 90% con�dence in-

tervals. We �nd that the decline in mortgage origination activity emerges immediately

following a local bank failure and persists. The dynamic pro�le is markedly di�erent

across lender types: bank lenders exhibit a large and persistent drop in mortgage orig-

ination, while nonbank lenders exhibit a substantially muted response. In the �rst two
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Figure 9: Mortgage Issuance Dynamics: Banks vs. Nonbanks

This �gure shows the dynamic e�ect of a local bank failure on mortgage origination activity using HMDA data.
The dependent variable is the log volume of originated home-purchase mortgages at the respondent{county{year
level. The speci�cation includes separate event-time interactions for bank lenders, all treated lenders, and a bank
indicator. Fixed e�ects include county and respondent-by-year, and the speci�cation controls for local unemployment
and house price growth. Shaded areas denote 90% con�dence intervals. Standard errors clustered at the county level.

years after failure, bank mortgage origination volumes decline by over 20% relative to

non-banks.

These �ndings are consistent with the interpretation that bank lending is more ex-

posed to local deposit market disruptions. The opposite response among nonbanks|who

rely less on deposit funding|reinforces the view that heightened depositor sensitivity

plays a central role in the local spillover e�ects of bank failures. In line with our earlier

evidence on deposit rate increases and deposit out
ows, the dynamic mortgage lending

results support the idea that failures propagate through bank-speci�c funding condi-

tions, rather than just through credit demand.

F. Mechanism Analysis

The results thus far indicate that bank failures cause sustained deposit rate increases

simultaneous to both deposit and loan declines. The fact that the price e�ect arises in

insured deposit markets and non-banks increase lending provide strong indirect evi-
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dence of attention channel and the risk-insensitive funding component of banks. How-

ever, concerns that risk compensation drives greater funding costs may remain. To test

these competing mechanisms, we examine whether banks respond di�erently to a com-

petitor's failure depending on their pre-existing capitalization levels.

We estimate an interacted speci�cation where High Capitalb is an indicator for banks

in the top tercile of the lagged equity-to-assets distribution (i.e., measured as of De-

cember of year t � 1). This interaction allows us to test whether the treatment e�ect of

nearby failures di�ers for banks that are more insulated from insolvency concern. If

depositor concern over solvency risk is the dominant channel, we would expect these

banks|presumably viewed as safer|to face less pressure to raise deposit rates. We

estimate the following speci�cation:

r ibct � � � Bank Failedct � � � ˆBank Failedct � High Capitalb• � 
Xct � � bt � � c � " ibct : (15)

Table 7 presents the results. We �nd that the increase in deposit rates is concentrated

among high capital banks. These results are inconsistent with a pure risk compensation

channel. If depositors were only demanding higher rates from risky banks, we would

expect a pattern where high-capital banks respond the least. Instead, our �ndings sug-

gest that depositor behavior becomes more rate-sensitive in the wake of a salient failure

event, prompting broad repricing by stronger banks.

Next, we test whether the deposit market responses are contemporaneous with an

increased probability of competitor bank failing, i.e., bank failure contagion. Table 8

shows that a bank failure is not signi�cantly associated with the probability of com-

petitor banks failing in following years, suggesting that bank failures are not ex-post

contagious during our sample period. While this test admittedly cannot rule out an in-
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Table 7: Bank Failure, Capitalization, and Deposit Rates

This table reports results from estimating Equation (15). The dependent variable is the 1-year CD rate for deposits
of $100K in column 1 and $500K in column 2. High Capital is an indicator for banks in the top tercile of the lagged
equity-to-assets distribution, measured as of the prior year-end. Standard errors are clustered at the county level and
reported in parentheses. Observations are weighted by county population. ‡ , ‡‡ , and ‡‡‡ indicate signi�cance at the
10%, 5%, and 1% levels, respectively.

r100K r500K

Bank Failed 1:55 � 1:17
ˆ1:13• ˆ 0:91•

Bank Failed � High Capital 5:96‡‡ 6:37‡‡

ˆ2:82• ˆ 2:80•
Unemployment rate 0:73‡‡‡ 0:74‡‡‡

ˆ0:24• ˆ 0:24•
House Price Change � 0:90 � 4:35‡‡

ˆ1:38• ˆ 2:10•
County FE Yes Yes
Bank-Time FE Yes Yes
Num. obs. 308613 310248
R2 0:98 0:99

crease in depositors' ex-ante expectation of competitor banks' failure probability, we still

interpret this �nding as supportive evidence for our claim that risk compensation is not

the main explanation for the e�ect of bank failures on competitor banks' deposit rates.

We also test whether depositor attention matters for the e�ect of a bank failure on

local competitors' deposit rates. To motivate this exercise, we conjecture that the public

attention on the bank failure event relates closely to depositors \waking up." For the

formal test, we estimate a modi�ed version of Equation (10) that captures the di�eren-

tial e�ect of bank failures by the level of attention generated by the bank failure event.

We use Google search volume related to the bank failure event as a proxy for public

attention. Speci�cally, we interact Bank Failedct with an indicator variable High Searchc,

which denotes whether the bank failure event in county c is above the sample median

in terms of Google search volume around the event. Table 9 reports the striking in
u-
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Table 8: Bank Failure Contagion

This table reports the e�ect of bank failures on competitor banks' future failure. The dependent variable in column 1
(column 2) is an indicator variable denoting whether the competitor bank experiences a failure within the following
year (2 years). Bank Failed is an indicator variable denoting whether a bank had failed in a county-year. Controls
include unemployment rate and house price growth. Standard errors are clustered at the county-level and reported
in parentheses. Observations are weighted by county population. ‡ , ‡‡ , and ‡‡‡ indicate statistical signi�cance at the
10%, 5%, and 1% levels, respectively.

(1) (2)
Failure within 1 year Failure within 2 years

Bank Failed 0.004 -0.005
(0.003) (0.004)

Observations 339,644 339,644
R2 0.007 0.012
County FE Yes Yes
Year FE Yes Yes
Controls Yes Yes

ence of public attention on the bank failure e�ect on local competitors' deposit rates. In

column 1, it shows that while all bank failure events raise local competitors' 100K CD

rates (2.4 basis points), high-attention bank failure events further raise deposit rates sig-

ni�cantly (3.4 basis points). Column 2 convey a similar message, although it suggests

that low-attention bank failures' e�ect on local competitors' 500K CD rates are insignif-

icant. This �nding suggests that the public attention matters signi�cantly for the e�ect

of bank failures on local competitors' deposit rates, which we interpret as evidence for

uniformly heightened price sensitivity of depositors.
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Table 9: Bank Failures and Deposit Rates by Attention

This table reports the cross-sectional e�ect of bank failures on deposit rates across the level of attention they receive.
The dependent variable is the 1-year CD rate of 100K in column 1, and the 1-year CD rate of 500K in column 2. Bank
Failed is an indicator variable denoting whether a bank had failed in a county-year. High Search is an indicator
variable for bank failure events that generated Google search volume above the sample median. Controls include
unemployment rate and house price growth. Standard errors are clustered at the county-level and reported in paren-
theses. Observations are weighted by county population. ‡ , ‡‡ , and ‡‡‡ indicate statistical signi�cance at the 10%,
5%, and 1% levels, respectively.

r100K r500K

(1) (2)
Bank Failed 2.381‡‡‡ -0.065

(0.904) (0.295)

Bank Failed � High Search 3.352‡‡ 3.173‡‡‡

(1.496) (1.046)
Observations 306,889 308,537
R2 0.984 0.987
County FE Yes Yes
Bank-Year FE Yes Yes
Controls Yes Yes

V. Conclusion

Bank failures are not only destructive for the institutions that collapse, but they also re-

shape the competitive environment for those that remain. In this paper, we document

a novel channel of propagation: heightened depositor attention after a failure induces

surviving banks to raise deposit rates, thereby increasing their funding costs and con-

tracting local credit supply. This indirect e�ect is persistent, lasting multiple years, and

is not con�ned to weak banks or uninsured deposits. Instead, it re
ects a shift in depos-

itor behavior that a�ects the broader intermediation process even when fundamentals

are sound.

Our �ndings carry several broader implications. First, they highlight that the costs

of banking crises extend beyond the balance sheet distress of failing institutions. Even
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solvent banks may face a more hostile funding environment, leading to reductions in

mortgage and small business lending. This ampli�es the macroeconomic costs of crises

and depositor demand plays a central role beyond the fundamentals of existing banks.

Second, our results shed new light on depositor stickiness. While prior work empha-

sizes that deposit betas are historically low and that depositors often remain inattentive

to rate di�erentials, we show that these \unstuck" depositors can emerge in the wake

of salient failures. This shift is not transient but leaves a persistent imprint on deposi-

tor expectations and behavior, consistent with the broader evidence that �nancial crises

have long-lasting e�ects on household beliefs. Understanding how depositors toggle

between inertia and vigilance is crucial for both theory and policy.

Finally, our �ndings underscore a key policy tradeo� in the FDIC's resolution pro-

cess. While FDIC intervention resolves failing banks and protects insured depositors,

the very salience of these interventions heightens depositor sensitivity at neighboring

institutions. By publicizing failures and emphasizing depositor protection, the FDIC

simultaneously draws the attention of depositors at surviving banks. This shift in atten-

tion raises competitors' funding costs, leading them to contract deposit growth and lend-

ing despite remaining solvent. Thus, the mechanism through which FDIC involvement

contains failures at the institutional level can inadvertently propagate strain through the

funding channel, amplifying the broader economic consequences of crises.

34



REFERENCES

Aharony, Joseph, and Itzhak Swary, 1983, Contagion e�ects of bank failures: Evidence

from capital markets, Journal of Business305{322.

Artavanis, Nikolaos, Daniel Paravisini, Claudia Robles Garcia, Amit Seru, and Margarita

Tsoutsoura, 2022, One size doesn't �t all: Heterogeneous depositor compensation dur-

ing periods of uncertainty, Technical report, National Bureau of Economic Research.

Benmelech, Efraim, Nittai Bergman, Anna Milanez, and Vladimir Mukharlyamov, 2019,

The agglomeration of bankruptcy, The Review of Financial Studies32, 2541{2586.

Benmelech, Efraim, Jun Yang, and Michal Zator, 2023, Bank branch density and bank

runs, Technical report, National Bureau of Economic Research.

Bernanke, Ben S, 1983, Non-monetary e�ects of the �nancial crisis in the propagation of

the great depression, Working Paper 1054, National Bureau of Economic Research.

Bernanke, Ben S., 2018, The Real E�ects of Disrupted Credit: Evidence from the Global

Financial Crisis, Brookings Papers on Economic Activity49, 251{342.

Bernstein, Shai, Emanuele Colonnelli, Xavier Giroud, and Benjamin Iverson, 2019,

Bankruptcy spillovers, Journal of Financial Economics133, 608{633.

Blickle, Kristian, Markus Brunnermeier, and Stephan Luck, 2024, Who can tell which

banks will fail?, The Review of Financial Studieshhae020.

Blickle, Kristian, Jian Li, Xu Lu, and Yiming Ma, 2025, The dynamics of deposit 
ight-

iness and its impact on �nancial stability, Working Paper 34128, National Bureau of

Economic Research.

Braggion, Fabio, Felix von Meyerinck, Nic Schaub, and Michael Weber, 2024, The long-

term e�ects of in
ation on in
ation expectations, Working Paper 32160, National Bu-

reau of Economic Research.

Calomiris, Charles W, and Joseph R Mason, 1997, Contagion and bank failures during

the great depression: The june 1932 chicago banking panic,The American Economic

Review87, 863{883.

35



Chavaz, Matthieu, and Pablo Slutzky, 2024, Do banks worry about attentive depositors?

evidence from multiple-brand banks, Review of Finance28, 353{388.

Chen, Qi, Itay Goldstein, Zeqiong Huang, and Rahul Vashishtha, 2022, Bank trans-

parency and deposit 
ows, Journal of Financial Economics146, 475{501.

Correia, Sergio, Stephan Luck, and Emil Verner, 2023, Failing banks,Working Paper.

Dang, Tri Vi, Gary Gorton, Bengt Holmstr •om, and Guillermo Ordo ~nez, 2017, Banks as

secret keepers,American Economic Review107, 1005{29.

Diamond, Douglas W, and Philip H Dybvig, 1983, Bank Runs, Deposit Insurance, and

Liquidity, Journal of Political Economy91, 401{419.

Drechsler, Itamar, Alexi Savov, and Philipp Schnabl, 2017, The deposits channel of mon-

etary policy, The Quarterly Journal of Economics132, 1819{1876.

Drechsler, Itamar, Alexi Savov, and Philipp Schnabl, 2021, Banking on deposits: Matu-

rity transformation without interest rate risk, The Journal of Finance76, 1091{1143.

Egan, Mark, Ali Hortac�su, and Gregor Matvos, 2017, Deposit competition and �nancial

fragility: Evidence from the U.S. banking sector, American Economic Review107, 169{

216.

Gathmann, Christina, Ines Helm, and Uta Sch •onberg, 2020, Spillover e�ects of mass

layo�s, Journal of the European Economic Association18, 427{468.

Gertler, Mark, Nobuhiro Kiyotaki, and Andrea Prestipino, 2017, A macroeconomic

model with �nancial panics, Working Paper 24126, National Bureau of Economic Re-

search.

Goldstein, Itay, Alexandr Kopytov, Lin Shen, and Haotian Xiang, 2024, Bank heterogene-

ity and �nancial stability, Journal of Financial Economics162, 103934.

Goldstein, Itay, and Ady Pauzner, 2005, Demand{deposit contracts and the probability

of bank runs, The Journal of Finance60, 1293{1327.

Hutchison, David E., and George G. Pennacchi, 1996, Measuring rents and interest rate

risk in imperfect �nancial markets: The case of retail bank deposits, The Journal of

Financial and Quantitative Analysis31, 399{417.

36



Li, Lei, Elena Loutskina, and Philip E Strahan, 2019, Deposit market power, funding
stability and long-term credit, Working Paper 26163, National Bureau of Economic
Research.

Loutskina, Elena, and Philip E. Strahan, 2009, Securitization and the declining impact
of bank finance on loan supply: Evidence from mortgage originations, The Journal of
Finance 64, 861–889.

Maingi, Quinn, 2024, Regional banks, aggregate effects, Working Paper .

Malmendier, Ulrike, and Stefan Nagel, 2011, Depression babies: Do macroeconomic ex-
periences affect risk taking?, The Quarterly Journal of Economics 126, 373–416.

Martin, Christopher, Manju Puri, and Alexander Ufier, 2018, Deposit inflows and out-
flows in failing banks: The role of deposit insurance, Technical report, National Bu-
reau of Economic Research.

Morelli, Juan M, Matias Moretti, and Venky Venkateswaran, 2025, Geographic funding
risk and market power in deposit markets, Working Paper .

Muir, Tyler, 2017, Financial Crises and Risk Premia, The Quarterly Journal of Economics
132, 765–809.

Shoag, Daniel, and Stan Veuger, 2018, Shops and the city: Evidence on local externali-
ties and local government policy from big-box bankruptcies, Review of Economics and
Statistics 100, 440–453.

Sun, Liyang, and Sarah Abraham, 2021, Estimating dynamic treatment effects in event
studies with heterogeneous treatment effects, Journal of Econometrics 225, 175–199,
Themed Issue: Treatment Effect 1.

Xu, Lu, Yang Song, and Yao Zeng, 2024, Themaking of an alert depositor: Howpayment
and interest drive deposit dynamics, Working Paper .

37



A. Appendix

A. Additional figures and tables

Figure A1: Counties with Bank Failures since 1934

This map reports the U.S. counties with a failed commercial bank’s headquarters since
1934.
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Figure A2: Deposit Rates Dynamics with Sun and Abraham (2021) Estimator

This figure shows the dynamic effect of a bank failure on local competitors’ deposit rates
using the specification from Sun and Abraham (2021). All regressions include county
fixed effects and bank-year fixed effects, and additionally control for unemployment rate
and house price growth. Standard errors are clustered at the county-level and observa-
tions are weighted by county population. The blue shaded area denotes the 90% confi-
dence interval.
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